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Abstract: - Humans seem to have a natural instinct for wanting to understand and make sense of their
environment and things in it. In expert systems (ES), explanation can be used to clarify the reasoning process to
users such that they can gain a better understanding of how the system functions. With the help of good
explanation facilities, a user can know why an ES is asking a particular question, how the expert system will act
if given a certain input, and how the ES reaches a particular conclusion. This is especially important when an
ES application is used as a high level advisor to professionals who must retain responsibility for the decisions
which are made. However, most ES explanation components require acquiring additional knowledge for
explanation, thus increasing the effort of implementing an ES with explanation capabilities. The primary goal
of this work is to present a methodology for automatically generating explanations during and at the end of the
reasoning process. The developed explanation components can deal with different knowledge representation
schemes that are used by problem solving methods namely, the “generate and confirm hypotheses” that is
based on the CommonKADS methodology[1], and the routine design generic task[2]. As a proof of concept the
explanation components were developed and integrated into the agricultural expert system generic tool
(AESGT)[3] .The developed explanation components can be easily reused with expert systems developed by
the tool to automatically generate explanation for the reasoning process.

Key-Words: - Expert Systems, Explanation, Knowledge Engineering, Plant Protection

1 Introduction improve performance and learning and result in
Explanation is an important part of the human- more positive user perceptions of a system.
machine interface in expert systems. In fact, the Because of its importance, explanation has been
ability to provide an explanation for its reasoning is addressed and implemented in a number of systems
a distinguishing, important and powerful feature of notable examples of which are NEOMYCIN [4],
expert systems. Explanations are most important in XPLAIN [5], MPA [6], and WEBEXPLAIN [7]

domains where the systems are used as high level However, most of the work in this area either
advisors to professionals who must retain completely ignored the problem solving method
responsibility for the decisions which are made (e.g. (PSM) used in developing the ES, or focused on a
medicine). Explanations are also important to single PSM. These limitations are the motivation
users in a number of other circumstances. For behind this work which proposes an explanation

framework which aims to deal with different PSMs
that are used in the most popular ES methodologies
like CommonKADS[1] and Generic Tasks[2]. As a
proof of concept, proposed explanation
components were developed and integrated into the

example, when the user perceives an anomaly,
when they want to learn, or when they need a
specific piece of knowledge to participate
properly in problem solving. Explanations,
when suitably designed, have been shown to
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agricultural expert system generic tool (AESGT)[3].
The developed explanation components can be
easily reused with expert systems developed by the
tool to automatically generate explanation for the
reasoning process.

This paper is organized as follows. Section 2:
presents related work, section 3 briefly describes the
AESGT architecture with the added explanation
facilities, section 4 outlines knowledge
representation and reasoning in AESGT, section 5
describes the added explanation facilities in details,
section 6 presents a case study and finally, section 7
concludes this paper and presents future directions.

2 Related Work

Explanation facilities have generally been added
to knowledge-based systems to explain the inference
that occurs as the system reasons. “Why” questions
allow users to ask the system why a given question
is being asked, while “How” questions allow users
to understand how a system has reached a certain
conclusion. There are different ways in which these
explanations can be provided. NEOMYCIN [4] for
example, follows the trace of rules to answer "Why"
and "How" questions. NEOMYCIN uses templates
and canned text as a method for explanation
generation. XPLAIN [5] is a digitalis therapy
advisor which advises physicians on the level of the
digitalis drug administrated to congestive heart
failure patients. It organizes its knowledge in the
form of a semantic network. It also has an
explanation generator to answer "Why", and "How"
questions based on automatic tracing of goal
hierarchy that is generated during the reasoning
process. A similar approach has been used in
WEBEXPLAIN [7] to provide a "How" question
facility in a web-based infrastructure using an
extended UPML framework [8].

A mission planning assistant (MPA) [6] is a
Generic Task program capable of explaining its
problem-solving steps and its strategy. MPA was
developed based on the Routine Design problem
solver. MPA uses frames for knowledge
representation where additional slots are added to
agent definitions to hold text strings for describing
the agents' goals. MPA puts "canned" text together
to generate explanation taking into consideration the
roles of the various agents specialists, plans, steps,
etc.
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3 AESGT Architecture with the
Added Explanation Facilities

This section overviews the overall structure of the
Agricultural Expert System Generic Tool (AESGT)
after adding the explanation components. This tool
was developed with the aim of accelerating the
development time of Agricultural Expert Systems
through the adoption of task specific templates.
Figure (1) shows the overall structure of the tool.

Explanatior
Facility

End User
.

>3

User Interface

Fig.1: Overall Structure of the AESGT tool with the
Explanation Facility

The tool supports four types of knowledge

representations: rules, structured tables, frames

hierarchy, and agent hierarchy. XML[10] is used as

a representation language. The main components of

the tool are as follows:

* Problem Solvers: Two PMSs based on two
development methodologies are supported by
this tool. These PSMs are:

1. The Generate and Confirm hypotheses
PSM: which is based on the CommonKADs
methodology [9].

2. The Routine Design PSM: which is based
on the Generic Task methodology [2].

* The Working Memory: the working memory is
the component that stores user inputs, and the
results derived based on these inputs. Each result
in the working memory is associated with the
PSM used to derive it.

» Explanation Facility: the explanation facility is
responsible for presenting the user with
explanations obtained from the problem solving
invoked by him/her, upon request.

* The Domain Ontology: Ontologies play an
important role in many applications examples of
which can be found in [11] [12] and [13]. In
knowledge based systems, an ontology can offer
a way for sharing knowledge. So this
component, contains concepts, properties, values,
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and relations used and shared by the two
implemented PSMs.

e The User Interface(UI): The UI is the means
through which users can communicate with the
tool.

4 Knowledge
Reasoning

Representation and

4.1 The Generate and Confirm Hypothesis
Problem Solving Method

This PSM is based on the commonKADS
Methodology[1], which differentiates three types of
knowledge stacked as three layers namely: domain,
inference, and task. Each of these is described in the
following subsections.

4.1.1 The domain layer

This layer contains two knowledge bases (KB)
which are the primary observations KB and the
classification KB. The primary observations KB
describes the knowledge needed to generate primary
observations. In adapting this tool for agriculture
this knowledge base contains the relationship
between the growth stage and observations that
appear on a specific plant part during this growth
stage. This knowledge is represented as an XML
tree. “GrowthStages” is the root node and each
growth stage is a child node of the root. Plant parts
that appear during this growth stage are children of
this growth stage, and observations for each plant
part are the leaves. Figure (2) shows a snapshot for
the primary observations knowledge base.

I <GrowthStages:
- «<GrowthStage Name="{Vegetative Stage}">
- <PlanPart ConceptMame="Leaves">
<Property Name="abnormal_appearance" PrimaryObservation="True" />
<Property Name="abnormal_color" PrimaryObservation="True" />
«/PlanPart>
+ <PlanPart ConceptMame="Stem">
+ <PlanPart ConceptMame="Leaves Spots">
+ <PlanPart ConceptMame="Stem Spots">
<=/GrowthStages
- <GrowthStage Name="{Fruit Stage}">
+ <PlanPart ConceptMame="Leaves">
+ <PlanPart ConceptMame="Stem">
- <PlanPart ConceptMame="Fruit":
<Property Name="abnormal_status" PrimaryObservation="True" />
«/PlanPart>
+ <PlanPart ConceptMame="Leaves Spots"»
+ <PlanPart ConceptMame="Stem Spots">
+ <PlanPart ConceptMame="Fruit Spots">
+ <PlanPart ConceptMame="Fungal Growth On Leaves'>
=/GrowthStage>
</GrowthStages>

Fig.2: Snapshot of the Primary Observations
Knowledge Base

The classification KB describes the relationship
between observations and disorder causes (see
figure (3)). This KB is used by three inference steps
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namely: generate primary observations, generate
hypothesis and confirm hypothesis. Figure (4)
describes the inference structure for generate and
confirm hypothesis PSM. The knowledge
representation used in this knowledge base is rule-
representation where the premises are the
observations and the conclusion is the cause of these
observations. For each cause there is a set of rules to
diagnose this cause. The rules are represented using
XML where the cause is the element node, a rule is
a child element, and the premises of this child node
are the leaves.

- «Disorder Name="early blight" Arabichame=":,2 »;4" Class="Fungal" Classarabichame="s sl 3l wl">
- <Rule ID="Rule1" Name="CASE1" Certainty="0.5" Phase="" GrowthStage="{Vegetative Stage}'>
- <Observations>
<Tuple Cpt="Leaves Spots' Prop="color" Cperator="=" Yal="brown with black zonated" />
<Tuple Cpt="Leaves Spots' Prop="value" Operator="="Yal="Yes" />
</Observationss
</Rule>
- <Rule ID="Rule2" Name="CASE2" Certainty="0.2" Phase="" GrowthStage="{fruit stage}"=
- <Observationss
<Tuple Cpt="Fruit Spots" Prop="color" Operator="=" Yal="grey with black rings" /=
<Tuple Cpt="Fruit" Prop="type" Operator="="Val="colored" />
<Tuple Cpt="Leaves Spots' Prop="color" Cperator="=" Yal="brown with black zonated" />
<Tuple Cpt="Leaves Spots' Prop="value" Operal "val="vyes" />
<Tuple Cpt="Fruit Spots" Prop="value" Cperator="=" val="ves" />
</Observations>
</Rulex»
- <Images>
<Image Mame="EAR_BLIL.gif' Description="" />
<Image Mame="EARLY.gif' Description="" />
<Image Mame="EARLY_BL.gif" Description="" />
«/Images>
</Disarders

Fig.3: Sample for Classification Knowledge Base

4.1.2 The inference layer

This layer contains three inference steps namely:
generate primary observation, generate hypothesis
and confirm hypothesis. The following subsections
describe each one of them:

Primary S
Observation Hypothesis
KlBI / i

/ \
£ =
\ £ h
e . Telnn o
i e S 4 N I
=i S — e [ O T
| | Primary | e  GeREFAtE ( | Confirmed
\ Observation :—b Observations | Hypothesis | J— Hypothesis

Confirmed
Observation

Classification

Fig.4: Inference Structure for Generate and Confirm
Hypothesis

4.1.2.1 Generate primary observations

This inference step determines the primary
observations based on the knowledge provided in
the primary observation KB. The classification KB
is used to generate the values of these observations
used in the rules. It is possible to generate these
values from the Ontology as well. But we preferred
to generate them from the classification KB so as to
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reuse the ontology in other applications that may use
more values of the observations that do not appear
in the underlying knowledge base.

4.1.2.2 Generate hypotheses

This inference step uses both the selected primary
observations, and the classification KB, represented
as rules where observations are the premises and
disorders are the conclusions of the rules, to
generate the suspected hypothesis. It also generates
the observations required to confirm the suspected
hypotheses. This inference method can be described
as follows:

» Select all the disorders existing in the conclusion
parts that have the primary observations
provided by the user, in the premises of the
rules.(These disorders are the generated
hypotheses). Let us call the set of rules that have
the primary observations, the selected rules.

* Identify the observations’ attributes to confirm
these hypotheses by selecting all observation
attributes (not including the primary observations
provided by the user as described in the previous
step) that appear in the selected rules. Let us call
these observations’ attributes, the identified
observations attributes.

* Generate a data entry screen containing the
identified observations attributes and their
possible values

4.1.2.3 Confirm hypotheses

This inference step uses the identified observation
attributes and the classification KB to confirm the
suspected hypothesis by using the following steps:

» Select all the suspected hypotheses appearing in
the conclusion parts of the selected rules that
have the identified observations attributes,
appearing in the premises parts of these rules,
whose values are provided by the user

e For the partially matched rules that have the
selected hypotheses (from now on we will refer
to those as confirmed hypotheses) as their
conclusions, calculate the matching degree of
each hypothesis using one of the partial matched
rules by applying the following equation:

Confirmed Hypothesis matching degree =
number of matched observation premises /
total number of observation premises

e The final matching degree for each confirmed
hypothesis is then set to equal the maximum (the
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confirmed hypothesis matching degrees using
each related rule)

4.1.3 The Task Layer

This layer describes how the system diagnoses the
causes for the abnormal observations. Figure (5)
shows the diagnosis task procedure.

4.2 The Routine Design Generic Task
Problem Solving Method

This PSM is one of the generic tasks that can be
used only when substantial experience is available

(i.e. it can not be applied for totally novel
situations).
TASH-METHOD diagnosis-throngh-generate-and-confun;

DECOMPOSITION
INFERENCES: GeneratePrunary Observation, GenerateHypothess, ConfumHypothesis:
ROLES
STATIC
Prunary Obzervation knowledge,
Classification Enowledze,
INTERMEDIATE
PrmaryObservations,
Suspected Hypothess,
ConfinnedObsevations,
Confirmed Hypothesis |
CONTROL-STRUCTURE
GeneratePrimaryObservation (Prowary Observation knowledget Classification
Enowledge - Prumary Observation)
CrenerateHypothesiz (Prunary Observation + Classihication Enowledge <> Suspected
Hypothesis);
REPEAT
ConfirmHypotliesis | Confumed Obsearvation + Classification Fnowledge® Suspected
Hypothesis - ConfimedHyvpothess),
UNTIL “result = equal or uo more Confumed Observation ™
END REPEAT
TF result = equal THEN causes = hypothesis;
SE "no sobution found™;

Fig.6: General Structure of a Routine Design Problem
Solver

In the Routine Design PSM, a problem is divided
into a collection of specialists, and each specialist is
responsible for accomplishing a small part of the
overall design. Following the Generic Task view,
the specialist decides which of his plans should be
carried out based on the plan constrains (Plan
selector). Generally each specialist selects one of its
plans. Likewise each plan selected by the specialist
decides which tasks should be carried out based on
the task constrains (Task selector), and each task has
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a number of steps that determine the detailed
description for it. Figure (6) shows the general
structure of a proposed routine design problem
solver. The following subsection describes the
knowledge representation and the routine design
task.

4.2.1 Knowledge Representation

Routine Design makes use of hierarchical structures
of design specialists to perform design. The
knowledge representation uses both the hierarchical
frames, and structured tables for representing the
routine design knowledge where each node in the
hierarchical structures is represented as a frame, and
the plan selector, task selector, and step knowledge
is represented as a structured table.

The hierarchical structures are represented
using XML where the specialist is the element node,
and other nodes in the hierarchical structures are
represented by XML element node in the XML tree.
The plan and task frames contain two slots: the
name of the plan or task, and the sponsor result. The
values of these slots are filled by the methods,
attached to these slots, which apply the structured
table inference method on the plan or task selector
knowledge. The step frame contains two slots:
name, and the location where the result of applying
this step, will be stored in the working memory. The
slots are represented as attributes in the XML nodes.
Figure (7) shows a sample of the routine design
problem solver knowledge represented as XML for
the land preparation expert system developed using
the proposed tool.

- €PS Name="Land Prep." Arabichames="ga 1 s>
- <Special Name="Land Prep. Spec’ Arabichame="ce,i s gums’>
- <FlanList>
- <Plan Name="Land Preparation Plan" Arabichlame="usj sl >
~ «<Spansor Result="">
- <Table>
- <Row Resul="Perfect'>
- «<Columns>
«Column Cpt="Egypt" Prop="Region" Operator="1=" aluz="Rain Fed Area’ />
<Column Cpt="oil" Prop="Type" Operator="=" Vzlue="sandy" />
<¢Calumns >
</Rows
</Table>
</Sponsars
- <Task Name="Weed Task" Arabichame=" gk o s’
- <Sponsor Resuft="">
- <Table>
- <Row Resul="Perfect’>
- <Columns >
<Calumn Cpt="Soil" Prop="WeedExist' Operator="=" Valuz="Yes" />
</Colurnns=
<fRows
=(Table>
</Sponsor>
- <Step Name="Weed equipment Step" Concept="Weed Removing" Propsrty="equipment’ Arabiclame="gswsdl by s>
- <Tablex
- <Raws>
- <Row Result="weeds collector">
- <Columns >
<Column Cpt="Planting" Prop="Weeds collector available’ Operator="="Value="Yes" />
<fColumns>
</Row>

</Rows>
<(Tahle>
</step>

=/PlanList>
</special>

Fig.7: Sample of the Routine Design Problem Solving
Knowledge represented as XML
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4.2.2 Routine Design Task

In routine design, top down control is typically used
where a specialist selects the suitable plan based on
the plan-selector. Figure (8) presents pseudo-code
for the routine design task.

For each plan in gpecialist Plan-List
/! estimating the suitability of a plan for a particular design situation.
Plan-SponsorValue =EvalautePlanSponsor();
If Plan-SpongorValue is "Perfect” then
For each Task in Plan Task-List
I/ estimating the suitability of a task for a particular design situation
Task-SponsorValue =EvalauteTaskSponsor();
If Task-SponsorValue is "Perfect” then
For each Step in Task Step-List
StepValue=EvalauteStep Value();
Add StepValue to working Memory:
End For each
End If
End For each
End.//we reach the suitable plan end the inference
EndIf
End For each

Fig.8: pseudo-code for the routine design task

5 Explanation Facilities
The developed explanation components include the
following explanation primitives: why asking, how,
why-not-solution, why-solution, and what-if. In this
paper we are going to concentrate on why-asking
and how explanation primitives.
Before describing these two primitives, we like to
state some development issues:

* The tool’s working memory was modified to
allow storing user inputs in the phase in which
this input is acquired. This modification allows
the tool to be sensitive to the state of the PSM.

* In order to integrate the explanation facility with
the expert system, links are dynamically added
to conclusions and questions. Each link calls a
JavaScript method with parameters that
indicates the current PSM, the phase, the
explanation primitive, and other optional data
depending on the explanation primitive and
PSM (see figure 9) being used. The JavaScript
method encodes the parameter as an XML string
(Explanation Query), sends the explanation
query to the server side using AJAX technology
and receives the generated explanation.

ionQuer vy

*Pest Idencfcacion</Sender>

> AR</ Lang>
senation>Rule-Based</Re
on=Why=Asking</ Questi

ultationPahse>During</ConsultationPahse>

onalbatas

CDATAL

senat ion>

</Optionalibatar
</ Exp lanat ionouesy>

Fig.9: Example for an explanation query

Issue 1, Volume 8, January 2009



WSEAS TRANSACTIONS on SYSTEMS

5.1 The "Why Asking'' Explanation Primitive
During the consultation phase the user might want
to get an explanation for why the system is asking a
certain question. Therefore, we associated the why
asking link with each input to be provided by the
user. This primitive is sensitive to where it has been
invoked during the reasoning process. We have
proposed different scenarios for responding to this
explanation primitive based on what PSM is being
used when the user asks the "why" question. In the
following sections we are going to describe these
scenarios in case of the Generate and Confirm
Problem Solving Method and the Routine Design
Problem Solving Method.

Scenario 1: Answering
Generate and Confirm
During the consultation session, the PSM can be in
one of two states: Generate Hypotheses, or Confirm
Hypothesis.

* Generate Hypotheses State: In this case the
explanation facility will respond by giving the
set of hypotheses that will be suspected for each
observation’s possible values associated with the
question for which the why-asking primitive is
linked. Figure (10) shows the "Why Asking"
Explanation generation algorithm in case of
Generate Hypothesis State.

Receive Ouery from L
valres of the listed values
Peelated Obsavalio
containg the obaervation related to the current question
While Related observation iz not empty do

"Why Asking'" in

Interface asking why the system needs one or more
ociated with the ciment question
4 all Obzervation from Classification KB which

Current_Observation= Cret_One (Felated Observations)y

Aggert Observation m the WL

Cwrent_Inference Results = Call the inference

Accummnlated Besult umulate  Resnltz U {Corrent_Inference Resalt)

Clear the working memory
Femove Civent | Obzervation froan the list of related obeavation

Generale a prope explmation m a
suitable senlences
format (Accumulated Besuliz)

Fig.10: ""Why Asking'' Explanation generation
algorithm in case of Generate Hypotheses state

* Confirm Hypothesis State: In this case the
explanation facility will respond by giving the
set of suspected hypotheses and the set of
hypotheses that will be confirmed for each
observation’s possible values associated with the
question for which why-asking primitive is
linked. Figure (11) shows "Why Asking"
Explanation generation algorithm in case of
Generate Hypothesis State.

Scenario 2: Answering '""Why Asking'' in Routine
Design

During the consultation session, the PSM can be in
one of three states: Plan-Selector state, Task-
Selector state, and Step-state
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Receive Ouery from User Interfa
values of the heted valies agsociated

asking why the system needs one or more
current gquestion

Related _Obzavations=Select all Obeervation fiom Suspected Hypothesis
Classification BB which contains the observation related to the cinrent guestion
While Related obzervation i2 not enpty do

Churent_Observation= G Cme{Belated Observations}
ave crent state of working memory
Azzert Observation m the Whi
Current_Inference Fesults = Call the mference
Ace lated A Remltz U Current_Inference Result
Eetmeve the working memory saved state
Fenove Carrent . Obeervation from the list of related obzervation

Grenerate a proper explanation e a
smtable sentences
format{ Accunmlated Resnltz)

Fig.11: "Why Asking' Explanation generation
algorithm in case of Confirm Hypothesis state

* Plan-Selector state: In this state the explanation
facility will respond by giving the consequences
of selecting a certain plan if one of the values is
provided to the attribute associated with the
question for which why-asking primitive is
linked.

» Task-Selector state: In this state the explanation
facility will respond by giving the consequences
of selecting a certain task for the selected Plan if
one of the values is provided to the attribute
associated with the question for which why-
asking primitive is linked.

» Step-state: In this state the explanation facility
will respond by giving the consequences of
determining all steps attribute values for all the
selected Tasks in the selected plan if one of the
values is provided to the attribute associated with
the question for which the why-asking primitive
is linked.

5.2 "How'" Explanation Primitive (Trace or
Line of reasoning)

At the end of the consultation the user may want to
get an explanation for how the system reached a
certain decision or conclusion. Therefore, we
associated the “How” link with the decision made
by the system. In order to generate "How"
explanation a reasoning memory was proposed to
store key decisions taken by the inference methods.
The reasoning memory contents depend on the used
PSM. We have proposed different scenarios for
responding to this explanation primitive based on
the PSMs that are being used. In the following
sections we are going to describe these scenarios in
case of the Generate and Confirm problem solving
method and the Routine Design problem solving
method.

Scenario 1: Answering '""How' in Generate and
Confirm

During the reasoning process the PSM goes through
two states: Generate Hypotheses and Confirm
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Hypothesis. The reasoning memory keeps track of
key decisions made by the PSM as follows:

During the Generate Hypotheses phase the
inference method stores in the reasoning memory
the id’s of matched rules responsible for
generating suspected hypotheses and the
corresponding suspected hypotheses.

During the Confirm Hypothesis phase the
inference method stores the id’s of matched rules
responsible for confirmed hypothesis and the
corresponding confirmed observation

Figure 12 shows "How" Explanation generation
algorithm in case of Generate and Confirm.

Generate HowExplanationy)

[
1

Display Primary-Observation ( );

f#A “How” button link appears i front of each suspected hypothesis for further
explanation. If the user clicks on the “how” button then the system will call
Genearte_Explanation_Suspected( Suspected Hypothesis) */

Display Suspected Hypotheses (),

Display Confirmed -Observations ();

#*A “How™” button link appear in front of each confirmed hypothesis for further
explanation. If the user clicks on the “how” button then the system will call
Genearte Explanation_Confirmed (Confirmed Hypothesis)*/

Display Confirmed Hypotheses

1
J

Genearte_Explanation_Suspected(Suspected Hypothesis)

[
3

#* Digplay the related primary observations to the suspected hypothesis together with
the rules id’s in which they appear as premises. If the user clicks on one of the rule id
containing the displayed observation fhe rule details will be displayed */

Display Related Primary Observation (Suspected Hypothesis);

1
J

Genearte_Explanation_Confirmed(Confrmed Hypothesis)
/
Related Observations= Select all Observations from reagoning memory which are
related to the current confirmed hypothesis;
While Related_Observations is not empty do
{
Current_Observation= Get_One(Related_Observations);
Related_RulesIds= Select all Rules Id's from reasoning memory which are
related to the Confirmed Hypothesis and
Current_Observation
Matching_Degree = Select Matching_Degree from reasoning memory which are
related to the Confirmed Hypothesis and
Current_Observation
¥ Digplay current observation related to the Confirmed_Hypothesis together with the
Rules Id's, and matching degree. Tf the user clicks on one of the rule id containing the
displayed observation the rule defails will be displayed */
Display Cuurent_Obgervation (),
Remove Current Observation from the list of related observation

1
/

1
/

Fig.12: "How'' Explanation generation algorithm in
case of Generate and Confirm
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Scenario 2: Answering "How" in Routine Design
During the reasoning process the PSM goes through
three states: Plan-Selector Inference, Task-Selector

Inference,

and Evaluate Step Inference. The

reasoning memory keeps track of key decisions
made by the PSM as follows:

During the Plan-Selector phase the inference
method stores in the reasoning memory the index
of the matched row in the plan-sponsor, and the
selected plan.

During the Task-Selector phase, the inference
method stores in the reasoning memory the index
of the matched row in the task-sponsor, selected
task, and selected task plan.

During the Evaluate step phase, the inference
method stores in the reasoning memory the index
of the matched row in the step-decision table,
step name, task name, and the plan name.

Figure (13) shows "How" Explanation generation
algorithm in case of Routine Design.

Generate HowExplanationy)

!
.

Display_User_Inputs(); /fed to the system during the Plan-Selector phase

I*A “How" button link appears i front the selected plan for further explanation. If the
user clicks on the “how™ button then the system will call Genearte_Explanation_Plan (
SelectedPlan) */

Display Selected Plan();

Display_User_Inputs() // fed to the system during the Task-Selector phase

/A “How™ button link appears in front of each selected task for further explanation. If
the user clicks on the “how” button then the system will call
Genearte_Explanation_Task( Selected_Plan.Selected_Task) */

Display Selected Tasks

For each Current_Task in selected-tasks
Display Name for Current_Task
For each Current_Step in Current_Task

/*A “How™ button link appears in front of each selected task for further
explanation. If the user clicks on the “how” button then the system will call
Genearte_Explanation_ StepValue ( Selected Plan,Selected Task.Current_Step) */

Display CurrentStep Name, and Value

End For Each
End For Each
L)

i
Genearte_Explanation_Plan(Selected_Plan)
‘
3
Display _User_Inputs() /Related to Selected_Plan acquired during Plan-Selector
phase
Display Detail for matched row in the plan-sponsor
1

b
Genearte_Explanation_Task(Selected_Plan .Selected_Task)
N

Display _User_Inputs() /Related to Selected_Plan , and Selected_Task acquired
during task-Selector phase
Display Detail for matched row i the task -sponsor

1
f

Genearte_Explanation_StepValue(Selected_Plan Selected_Task.Selected_Stej)
!
v
Display _User_Inputs() /Related to Selected_Step acquired during step phase
Display Detail for matched row in the step-decision-table

1
y

Fig.13: "How'' Explanation generation algorithm in
case of Routine Design.
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6 Case Study

As mentioned earlier in this paper, the developed
explanation components were implemented as an
extension to the AESGT tool, and these components
have been successfully implemented and used to
augment a real agricultural expert system with
different kind of explanations.

Example of the generated explanation for the
"Why-Asking" primitive for the tomato disease
diagnosis expert system in the generate-hypothesis
phase is shown in (Figure 14), and for the confirm-
hypothesis phase is shown in (Figure 15). The bold
words in all examples highlight words that were
inserted dynamically in the explanation template
Figure 16 shows another example of the generated
explanation for the "Why-Asking" primitive for the
wheat expert system in the plan-selector phase
where the “land preparation” specialist is used.

Explanation for Why asking for Leaves abnormal color:

Leaves abnormal_color is corsidered an initial observation for
more than one diseases.

1.In case of Leaves abnormal_color is bronze the following
disorders will be suspected:

tomato spotted wilt virus

tomato rust mite

2.In case of Leaves abnormal_color is brown the following
disorders will be suspected:

heawy irrigation

frost

Fig.14: An Example of '""Why-Asking'' primitive in
the Generate-Hypothesis Phase

Explanation for Why asking for Leaves abnormal color:

Leaves abnormal_color is corsidered an initial observation for
more than one diseases.

1.In case of Leaves abnormal_color is bronze the following
disorders will be suspected:

tomato spotted wilt virus

tomato rust mite

2.In case of Leaves abnormal_color is brown the following
disorders will be suspected:

heawy irrigation

frost

Fig.15: An Example of '""Why-Asking'' primitive in
the Confirm-Hypothesis Phase

There are a nurber of plans avaiable, they are:

« Land Preparation Plan for Sandy Land and Non-Rain Fed Area
¢ Land Preparation Plan for Rain Fed Area
« Land Preparation Plan for not Sandy Land and Non-Rain Fed Area
In order to select the suitable plan, you are being asked about Region for example in

case of Region East Delta one of the following plans may be selected:
« Land Preparation Plan for not Sandy Land and Non-Rain Fed Area

Fig.16: an Example of '"Why-Asking'' primitive in
Plan-Selector Phase.
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Figure 17 shows an example of generated
explanation for the "How" primitive for tomato
disease diagnosis expert system where the Confirm
and Generate PSM is used. It is important to note
that the user can get further explanation for the
generated explanation as shown in the figure.

You are using Pest Identification module
You fed the systerm with the following observations as initial
cbservations

s Leavesabnormal_color is brown

« Fruitabnormal_status is deep crack

And the plant growth stage is fruit stage based on these inputs
the following disorders were suspected:

« heawy irrigation(HOW)

o frost(HOW)

« irregular irrigation{HOW)
Then you started the confirmation phase to know which of the
suspected disorders really exist, and you fed the systerm with
following confirmed observation ;

« climatetemp_status is Low

Based on the confirmed observation the following disorders were
confirmed and given a matching degree .

« frost and matching degree= 0.67 (HOW)/

v

A suspected-disease Is confirmed if the user feads the systerm with
more observations that appear in one or more of the rules of this
disease,

And you have fed the system with the following observations:

« climatetemp_status is Low which is contalned in the
chservations of rule number( Rulez, ).
Based on this, the disease matching degres became (0.67)

environmental

frost

case3

= Leaves abnormal_color:  brown

« climate temp_status: Low

s Leaves position: all leaves

Fig. 17 An example of generated explanation for
"How"' primitive for Confirm &Generate PSM
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7 Conclusion

In this paper, we’ve presented reusable explanation
components that answer "How" and "Why Asking"
types of questions. The developed components have
the following features:

* Provide generic templates for generating
answers to "Why Asking" , and "How" types of
questions. The designed templates are suitable
for the "generate and confirm" problem solver
method (PSM) that 1is based on the
CommonKADS methodology, and the routine
design generic task (RD GT).

* Handle different knowledge representations
supported by CommonKADS and the routine
design generic task approaches

* Achieve re-usability on the knowledge level as
the suggested methodology uses the same
knowledge that was used to solve a problem for
explanation purposes as well.

As a proof of concept, the proposed explanation
components were integrated into the agricultural
expert system generic tool (AESGT). These
components were then capable of handling the
generic knowledge modeling approaches provided

by the tool, and the different knowledge
representation  models  supported by these
approaches, thus reducing the implementation

efforts needed to develop an explainable plant
protection expert system. For explanation generation
we have used the reasoning process embedded in the
problem solving method and the same knowledge
that was used to solve the problem. We’ve used a
web-based infrastructure for explanation which
could be useful in the development of problem
solvers in general. Future planned improvements to
the AESGT explanation facility include the addition
of more explanation facilities such as “what-if” and
“why-not” utilities. We also want to enlarge the
explanation scope such that it would encompass the
needs of knowledge engineers and domain experts.
In that case, further research will be conducted to
configure explanation presentation according to the
type of user and his/her explanation interests.
Specifically, means for adapting and personalizing
explanations and their presentation depending on
the user of the system will need to be investigated.
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